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Table 1. MCS table

Mode Threshold Modulation Throughput

SNR [dB] & Code rate [Mbps]

0 SNR < 3.9 Commur}ication 0

unavailable

1 3.9 ~8.0 QPSK, 1/2 1.2459

2 8.0 ~12.6 QPSK, 3/4 1.8690

3 12.6 ~ 15.5 16QAM, 1/2 2.4919

4 15.5 ~ 19.5 8PSK, 3/4 2.8034

5 19.5 ~ 26.7 16QAM, 3/4 3.7379

6 26.7 < SNR 64QAM, 3/4 5.6068
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Fig 2. Antenna selection accuracy
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Fig 3. MCS selection performance
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